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Thailand’s Canned Pineapple Forecasting using Multiple Regression Model and

Artificial Neural Network
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Abstract

This research aims to predict the
demand of Thailand's canned pineapple in the
world market using two techniques, which
are traditional method and artificial neural
networks. Multiple regression technique is
selected as the traditional technique, while
Back-propagation architecture is selected to
construct in the artificial neural network
model. Both techniques reveal that factors
which affect the demand of Thailand's
canned pineapple are 1) the price of canned
pineapple in Thailand, 2) price of canned
pineapples in the Philippines, 3) price of
canned pineapple in Indonesia, and 4)
World’s GDP. The explanations of the
relationship between demand of Thailand's
canned pineapple and those factors are: 1)
Thailand's export volume of canned
pineapple will reduced if the selling price of
canned pineapple in Thailand increased, and
2) The increasing of Philippine and Indonesia
canned pineapple’s price and world GDP will
benefit to the demand of Thailand’s canned
pineapple in the world market. Besides,
results from the study also show that by

Back-propagation neural network can give

precise prediction model than traditional

forecasting model.

Keywords: Forecasting, Back-propagation

Neural Network, Canned Pineapple
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