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Salt and Pepper Noise Detecting and Denoising on Grayscale Image

Based on Standard Deviation
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Abstract

In this paper, we propose a new algorithm to restore grayscale images corrupted by salt
and pepper noise by using the standard deviation to detect noisy pixels and reduce this noise with
mean value. Mean Square Error (MSE) is computed in order to assess and compare the performance
of our proposed algorithm and other famous methods like MF, AMF, DBA, MDBUTMF and IMF, a
recently introduced method.

Keywords: salt and pepper noise, noise detecting, noise denoising, standard deviation, MSE
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