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Abstract

An important Green House Gas (GHG) which the main cause of global warming is the
Carbon Dioxide (CO,). The photosynthesis of plants is a major process to decrease the CO,. The
forest system is a large carbon stock and mangrove forests are esteemed to be the most carbon-
rich forests in the topics. Geo-informatics technologies can help to save the cost and time for
mangrove species classification and mangrove forest carbon stock estimation. This study aims to
classify the three dominant mangrove species and estimate above ground carbon stock using the
Worldview-2 satellite imagery. Object-based classification technique was used to classify the
mangrove species and the Allometric equation was used to estimate the above ground biomass
and carbon stock. The overall percentage accuracy of the mangrove species classification was
86.2%. The average total above ground biomass was 44.14 tons/ha and total carbon stock was 21.1
tons carbon/ha on the average.

Keywords: Mangrove, Object-based Classification, Above Ground Carbon Stock
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